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Introduction

Separation of professionally produced music recordings is difficult:
» Sources mixed in the same direction (e.g., vocals and bass)

» Point source assumption can fail (e.g., drums)

» The problem is very ill-posed in its general formulation

User-guided separation: some input from the user is allowed
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Contributions

» Modeling: Extension of multichannel NMF model [1] to multichannel
NTF model inspired by [2]

» Algorithmic issues: Introduction of a new generalized EM (GEM)
algorithm based on multiplicative updates (GEM-MU) that is faster than
the GEM algorithm previously proposed in [1]

» Application: User-guided separation via specification of user-defined
structured constraints (inspired by [3], where it was done for single
channel case)
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Results
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Conclusion
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» Novel user-guided audio source separation method based on a multichannel NTF model with structured constraints
» The approach allows high quality source separation of real recordings using limited user input
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Evaluation measures: Signal to Distortion Ratio (SDR) and Overall Perceptual Score (OPS)
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